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sum = 0

a = int(input("Insert a: ")) 

while a > 0: 

sum += a 

a = int(input("Insert a: ")) 

print(f"Sum = {sum}")
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T = Regression/Classification/…

E = Training Data

P = Errors/Loss
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This course focuses most on 

Supervised Learning (with 

some unsupervised spots)
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𝑇𝑅 = { 𝒙, 𝒚 𝑖 , 𝑖 = 1, … , 𝑁}
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